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Today's Speaker

Who we are

Gyuho Song
Solutions Architect

Big Data / Machine Learning / Cloud Computing
Enterprise consulting

Euijun Jeong
Technical Account Manager

Big Data / Search Engine
Developer
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Create an analytics tflywheel
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And more...

More
data
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users

Delightful user experience
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Data Scientist?

Statistic, Machine Learning, Al, Developer
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Communication skill
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Machine Learning = & 2| 0{2{3

Want to be data-driven company
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Data privacy, £ 2F,
compliance and governance
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Machine Learning = & 2| 0{2{3

Want to be data-driven company
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Machine learning in
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Call inference

Amazon
SageMaker
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ML in Aurora / Athena
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Typical steps require ML expertise & manual work
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"0 three steps in new world
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Use the familiar SQL language for training & prediction
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ML in SQL examples
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CREATE TRIGGER insert_check SELECT * from product_reviews SELECT * from customers order
BEFORE INSERT ON sales WHERE by predicted_future_spend
FOR EACH ROW ?Ws_comprehend.detect_sent|men (column1, column2, ..))
BEGIN (review_text, ‘EN')' = 'NEGATIVE'

IF is_transaction_fraudulent(columnT,
column2, column3 ...) = 'True' THEN
rollback; END IF;

END;
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Demo

It's show time
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Demo Architecture

Training
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Demo 2| &

T2 Configuration 3! AFE SQL example

CREATE FUNCTION recommend_score (
user_id BIGINT(20),
product_i1d BIGINT(20))
RETURNS double
alias aws_sagemaker_invoke_endpoint
endpoint name 'sagemaker-mxnet-2020-04-05-09-40-05-472";

SELECT *, recommend_score(user_id,product_id) recommend_score FROM inputs;
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https://bit.ly/awsmlsql2020
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